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Abstract Stenosis or occlusion of coronary arteries leads to angina attacks and myocardial infarctions, and coronary artery
disease is a leading cause of death. Coronary artery disease is a leading cause of death. Calcified lesions are particularly difficult
to treat, and their evaluation is considered to be important. In the last decade, optical coherence tomography (OCT) has become
widely used to diagnose calcified areas in coronary arteries. Although OCT can automatically extract coronary stents, evaluate
lumen, and output 3D images, it is currently unable to automatically extract and diagnose disease states such as calcification. In
this study, we proposed and evaluated a segmentation method for calcification images from coronary OCT images.
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